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venv CIRIEIRIEE L

OS : Ubuntu 22.04.5 LTS

CPU : AWD EPYC 7V12 64-Core processor
CPUX ¥ :54GB

GPU : TeslaT4 (Cuda 12.6)

GPUX®EY :16GB

AML—2 1 126GB

Python : 3.10.7
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ETILEERTITEHLS, — DRI A —RDOAIEFETHI L
T, X MEKIBICHIBLT 5 Z EATE B3XRNGFE

INTA =B SKEETILTYH, E—GPUTDO 7 74 >~
Fa—Z 7 HAEE

—PEFTE L TEREEINTWSEFEDA,
LoRA (Low-Rank Adaptation) %iXf




2-1. 774 Fa—=r9

- LoORA (Low-Rank Adaptation)
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NinedayWang/PolyCoder-160M
NinedayWang/PolyCoder-2.7B
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rinna/gpt-neox-japanese-3.6b
bigcode/santacoder (1.1B)
bigcode/gpt_bigcode-santacoder (1.1B)
bigcode/starcoder (15.5B)
bigcode/starcoder2-7b
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e AtCoderIFf2 702 5 L (A~EfTE) % 6802 E I H
#* IsHYuhi/AtCoder Python/ABC (GitHub)

1i[ml], 1i[m2] = 1i[m2], li[ml]
print("".join{map(str, 1i)))

1 H1 = int{input()) . Tt 2 3 s, 6
2 H2Z = int{input()) : T e

3 n=n% 38
3 pr‘iﬂ'tl:Hl-Hi} 4 for 1 in rangein):

5 ml = i%5

= m2 = 1%5 +1
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20 fif

"task_id": "test/0",
"orompt": "def return1():¥n",

"canonical solution™: return 1",

"test": "def check(candidate):¥n assert candidate() == 1",

"entry_point": "returnl”

task_id : 7 — X DEBIF

prompt: ETNZEZ B ANT —X

canonical_solution: 7B > 7 MW T BEREY Y 2 —> 3~
test: AR SN/ — FOIEEREMEZ T X M3 5 7-HDEK
entry point: 7 X k AYEHIE T 2 B L
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